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Abstract. The rapid growth of enterprise data across cloud, hybrid, and distributed computing environments has created sig-

nificant challenges in maintaining effective data governance, security, quality, compliance, and operational efficiency. Tradi-

tional data governance approaches frequently depend on manual processes, predefined policies, and centralized decision-mak-

ing, which can limit their ability to respond dynamically to continuously changing data environments. This research proposes 

an AI-Driven Framework for Autonomous Enterprise Data Platform Governance that integrates artificial intelligence, machine 

learning, metadata management, automated policy enforcement, data quality monitoring, lineage analysis, and intelligent de-

cision-making to establish a more adaptive governance model. The proposed framework continuously analyzes enterprise data 

assets, metadata, access patterns, quality indicators, and governance policies to identify risks, detect anomalies, recommend 

corrective actions, and automate governance activities. AI-driven agents support automated metadata classification, policy 

validation, compliance monitoring, data quality assessment, and lifecycle management while maintaining human oversight for 

high-impact decisions. The framework is designed around interoperable governance layers that connect data discovery, secu-

rity, privacy, quality, lineage, compliance, and platform operations. A conceptual evaluation model is proposed using metrics 

such as governance automation rate, policy compliance accuracy, anomaly detection accuracy, metadata completeness, data 

quality improvement, response time, and operational overhead. The proposed approach aims to reduce manual governance 

effort while improving transparency, consistency, scalability, and responsiveness across enterprise data platforms. The re-

search demonstrates how autonomous and AI-enabled governance can provide a foundation for next-generation enterprise data 

platforms capable of continuously adapting to evolving business, regulatory, and technological requirements. 

 

Keywords: Artificial Intelligence, AI-Driven Governance, Autonomous Data Platforms, Enterprise Data Governance, Data 

Management, Data Governance Framework, Intelligent Data Management, Autonomous Data Management, Enterprise Data 
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Platforms, Data Platform Automation, Machine Learning, Generative Artificial Intelligence, Large Language Models, AI 

Agents, Agentic AI, Intelligent Automation, Automated Governance, Policy-Driven Governance, Governance Automation, 

Data Quality Management, Data Quality Monitoring, Metadata Management, Automated Metadata Generation, Metadata En-

richment, Data Cataloging, Enterprise Data Catalog, Data Discovery, Data Classification, Data Lineage, Data Provenance, 

Data Traceability, Data Security, Data Privacy, Privacy-Aware Governance, Access Control, Identity and Access Manage-

ment, Policy Enforcement, Compliance Management, Regulatory Compliance, Risk Management, Anomaly Detection, Data 

Validation, Data Observability, Enterprise Data Architecture, Cloud Data Platforms, Hybrid Cloud, Distributed Data Systems, 

Data Lifecycle Management, Master Data Management, Data Stewardship, Semantic Data Management, Knowledge Graphs, 

Explainable AI, Responsible AI, AI Governance, Trustworthy AI, Adaptive Governance, Real-Time Governance, Continuous 

Compliance, Intelligent Decision-Making, Autonomous Decision Systems, Enterprise Architecture, Data Democratization, 

Data Integration, Data Interoperability, Data Fabric, Data Mesh, DataOps, MLOps, AIOps, Cloud-Native Data Management, 

Intelligent Data Pipelines, Predictive Analytics, Real-Time Data Monitoring, Governance Risk and Compliance (GRC), Au-

ditability, Transparency, Accountability, Data Trust, Data Security Policies, Enterprise Risk Controls, Automated Policy Val-

idation, Intelligent Compliance Monitoring, and Next-Generation Data Management. 

 

I. Introduction 

The rapid expansion of digital transformation has resulted in unprecedented growth in the volume, variety, velocity, and com-

plexity of enterprise data. Organizations increasingly rely on data platforms to support operational processes, analytics, artifi-

cial intelligence, business intelligence, regulatory reporting, and strategic decision-making. Modern enterprise environments 

commonly integrate data from transactional databases, cloud platforms, data lakes, data warehouses, application programming 

interfaces, Internet of Things devices, and third-party systems. Although these platforms provide significant opportunities for 

data-driven innovation, they also introduce complex governance challenges related to data quality, security, privacy, accessi-

bility, lineage, ownership, compliance, and lifecycle management. 

 

Traditional data governance approaches generally depend on manually defined policies, centralized governance teams, peri-

odic audits, and human intervention. While these mechanisms provide organizational control, they may become difficult to 

scale when enterprises operate across distributed and continuously changing data environments. New datasets may be created 

rapidly, schemas may evolve frequently, access requirements may change dynamically, and regulatory obligations may intro-

duce additional governance requirements. Consequently, organizations require governance mechanisms that can continuously 

monitor data environments and respond to emerging risks without depending entirely on manual processes. 

 

Artificial Intelligence (AI) provides an opportunity to transform conventional data governance into a more autonomous and 

adaptive capability. Machine learning algorithms can identify abnormal data-access patterns, detect quality problems, classify 

data assets, and predict potential governance risks. Generative AI and large language models can further support automated 

metadata generation, business-term identification, documentation creation, policy interpretation, and semantic enrichment of 

enterprise data assets. When these capabilities are integrated with enterprise data platforms, governance activities can move 

from reactive and manually controlled processes toward continuous and intelligent governance. 

 

An autonomous data governance environment does not imply that all governance decisions should be performed without hu-

man involvement. Instead, autonomy can be implemented through a controlled decision-making architecture in which AI con-

tinuously observes data environments, evaluates governance policies, identifies deviations, recommends actions, and automat-

ically executes predefined low-risk responses. High-risk or business-critical decisions can remain subject to human approval. 

Such a human-AI collaboration model can improve governance efficiency while maintaining accountability and organizational 

control. 
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This research proposes an AI-Driven Framework for Autonomous Enterprise Data Platform Governance that integrates AI-

based monitoring, metadata management, data quality assessment, policy enforcement, security controls, lineage analysis, 

compliance monitoring, risk detection, and intelligent decision support. The framework is designed to provide continuous 

governance across heterogeneous enterprise data platforms while reducing manual operational effort. It establishes an inte-

grated governance architecture in which AI capabilities operate across multiple layers of the enterprise data ecosystem. 

 

The proposed framework emphasizes five major objectives: automated governance, continuous monitoring, adaptive policy 

enforcement, intelligent risk management, and explainable decision support. It seeks to improve data quality, governance 

consistency, compliance readiness, operational efficiency, and trust in enterprise data. The framework also considers important 

requirements such as transparency, accountability, security, privacy, explainability, and human oversight. 

 

II. Background of Enterprise Data Governance 

 
Enterprise data governance represents the collection of policies, processes, roles, standards, and technologies used to manage 

organizational data throughout its lifecycle. Effective governance establishes accountability for data assets and ensures that 

information remains accurate, secure, accessible, understandable, and compliant with organizational and regulatory require-

ments. 

 

In traditional environments, data governance activities include data ownership assignment, metadata maintenance, data-quality 

assessment, access management, policy definition, lineage documentation, compliance auditing, and data classification. These 

activities are typically distributed among data owners, data stewards, security teams, compliance officers, database adminis-

trators, and enterprise architects. 

 

However, increasing data volumes and distributed architectures have created limitations for manual governance. A governance 

team may not be able to continuously inspect every dataset, pipeline, schema, user-access event, and metadata change. This 

limitation creates a need for automated mechanisms capable of monitoring governance conditions continuously. 
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III. Evolution Toward Autonomous Data Platforms 

 
Enterprise data platforms have evolved from centralized data warehouses toward data lakes, cloud data platforms, lakehouses, 

data fabrics, and distributed data ecosystems. This evolution has increased flexibility but has also created additional govern-

ance complexity. 

 

Autonomous data platforms extend this evolution by incorporating intelligent automation into data management processes. 

Instead of simply storing and processing data, autonomous platforms can observe operational conditions, identify patterns, 

evaluate policies, and initiate appropriate actions. 

 

An autonomous governance capability can therefore be viewed as a continuous feedback loop involving data observation, 

policy evaluation, risk identification, decision-making, action execution, and learning. This approach enables governance 

mechanisms to adapt to changing enterprise environments rather than relying exclusively on static policies. 

 

Role of Artificial Intelligence in Data Governance 

AI can enhance enterprise governance by automating activities that traditionally require substantial human effort. Machine 

learning models can analyze historical governance events to identify patterns associated with data-quality failures, unauthor-

ized access, unusual data usage, and compliance risks. 

 

Natural language processing can be used to understand business definitions, documentation, policies, and unstructured de-

scriptions associated with data assets. Generative AI can assist in generating dataset descriptions, column-level documentation, 

business glossaries, metadata summaries, and governance recommendations. 

 

AI can therefore act as an intelligent governance layer that connects technical data characteristics with organizational policies 

and business requirements. 

 

IV. Proposed AI-Driven Governance Framework 
 

The proposed framework consists of interconnected layers that collectively provide autonomous governance capabilities across 

enterprise data platforms. 

 

1. Data Source and Integration Layer 

The data-source layer contains databases, enterprise applications, APIs, cloud storage, data lakes, warehouses, streaming plat-

forms, and external data sources. Connectors collect technical metadata and operational information from these heterogeneous 

environments. 

 

2. Metadata and Data Discovery Layer 

This layer automatically discovers datasets, schemas, tables, columns, relationships, ownership information, and usage pat-

terns. AI-based techniques can enrich technical metadata with semantic descriptions and business context. 

 

3. AI Intelligence Layer 

The AI intelligence layer represents the core analytical component of the framework. Machine learning, natural language 

processing, generative AI, and intelligent agents analyze metadata, data-quality indicators, policies, access patterns, and gov-

ernance events. 

 

4. Governance Policy Layer 

This layer contains organizational data policies, security requirements, privacy rules, retention policies, classification stand-

ards, access-control requirements, and regulatory constraints. AI evaluates data-platform conditions against these policies. 
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5. Risk and Compliance Layer 

The risk layer identifies governance violations, security risks, quality problems, privacy concerns, and compliance gaps. Risk 

scores can be assigned according to severity, probability, business impact, and regulatory importance. 

 

6. Autonomous Decision and Action Layer 

The decision layer converts AI-generated insights into recommended or automated actions. Examples include metadata cor-

rection, data classification, access restriction, quality-rule execution, alert generation, and workflow initiation. 

 

7. Human Oversight Layer 

Human governance teams remain responsible for high-impact decisions. The framework therefore provides approval work-

flows, explanations, audit records, and override mechanisms to ensure accountability. 

 

 
 

V. AI-Based Automated Metadata Management 

 
Metadata is fundamental to effective enterprise data governance because it provides information about the meaning, structure, 

ownership, origin, and usage of data assets. However, manually maintaining metadata can become difficult as enterprise en-

vironments expand. 

 

The proposed framework uses AI to automatically generate and enrich metadata. Large language models can interpret column 

names, schema structures, documentation, SQL queries, and business terminology to generate meaningful descriptions. AI can 

also identify relationships between datasets and recommend business classifications. 

 

Automated metadata management can improve data discovery and reduce documentation effort while creating a more con-

sistent enterprise metadata environment. 

 

Intelligent Data Classification 

Data classification identifies the sensitivity, business value, and regulatory relevance of enterprise data. Traditional classifica-

tion approaches often depend on manually defined rules or keyword matching. 
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AI-based classification can combine structured data characteristics, semantic information, historical usage patterns, and con-

textual signals. The framework can classify information into categories such as public, internal, confidential, restricted, per-

sonally identifiable, or business-critical. 

 

Continuous classification is particularly important because data characteristics and business requirements may change over 

time. 

 

Autonomous Data Quality Management 

Data quality is a major component of enterprise governance. Poor-quality data can negatively affect analytics, reporting, op-

erational processes, and AI systems. 

 

The proposed framework incorporates AI-based data-quality monitoring to identify missing values, duplicates, inconsistent 

formats, anomalous records, invalid relationships, and unexpected statistical changes. Machine learning models can establish 

expected data patterns and identify deviations. 

 

The framework can further recommend corrective actions and prioritize quality problems according to business impact. 

 

Intelligent Data Lineage and Provenance 

Data lineage provides visibility into how data moves between sources, transformations, storage systems, and downstream 

applications. It is essential for impact analysis, regulatory reporting, troubleshooting, and audit readiness. 

 

The proposed framework uses metadata and AI-based analysis to automatically construct and maintain lineage relationships. 

By analyzing SQL statements, ETL workflows, transformation logic, APIs, and pipeline dependencies, the system can identify 

relationships between upstream and downstream assets. 

 

Automated lineage improves transparency and enables organizations to determine how changes to one data asset may affect 

other systems. 

 

AI-Driven Policy Enforcement 

Enterprise governance requires policies that define how data should be accessed, processed, retained, shared, and protected. 

Static policies may become insufficient when enterprise environments change rapidly. 

 

The proposed framework introduces AI-assisted policy interpretation and enforcement. Governance policies can be converted 

into machine-readable rules, while AI evaluates platform events against these requirements. 

 

For low-risk violations, predefined automated responses can be executed. High-risk events can be routed to appropriate gov-

ernance teams for approval and investigation. 

 

Autonomous Risk Detection and Management 

AI can continuously evaluate governance conditions to identify emerging risks. Risk detection can consider data sensitivity, 

access patterns, quality problems, policy violations, lineage complexity, and regulatory requirements. 

 

A risk-scoring mechanism can prioritize governance events based on severity and potential business impact. This allows gov-

ernance teams to focus their attention on the most critical issues rather than manually reviewing every event. 

 

Predictive models can additionally identify patterns that may indicate future governance failures. 
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Security and Privacy Governance 

Security and privacy are essential components of enterprise data governance. Organizations must ensure that sensitive infor-

mation is accessed only by authorized users and processed according to applicable policies. 

 

The proposed framework integrates AI-driven access monitoring, anomaly detection, data classification, privacy controls, and 

policy enforcement. Unusual access behavior can trigger alerts or predefined protective actions. 

 

Privacy-aware governance can also help organizations identify sensitive data and ensure that retention, masking, encryption, 

and access requirements are appropriately applied. 

 

Generative AI for Governance Documentation 

Generative AI provides an important capability for automatically creating enterprise data documentation. It can generate da-

taset descriptions, column definitions, business-context summaries, data-quality explanations, lineage narratives, and govern-

ance recommendations. 

 

The generated documentation can be reviewed and approved by data stewards before being published to enterprise catalogs. 

This human-validation process helps reduce the risks associated with inaccurate or unsupported AI-generated information. 

 

VI. Autonomous Governance Agents 

 
AI agents can provide task-oriented automation across different governance activities. A metadata agent may identify undoc-

umented datasets, while a quality agent may investigate anomalies. A compliance agent can monitor policy violations, and a 

lineage agent can update dependency relationships. 

 

These agents can communicate with governance services and enterprise data platforms through controlled interfaces. Agent 

permissions should be restricted according to predefined policies to prevent unintended actions. 
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VII. Human-in-the-Loop Governance 

 
Complete automation is not appropriate for every governance decision. Some decisions may involve legal, financial, privacy, 

security, or business consequences. 

 

The proposed framework therefore adopts a human-in-the-loop approach. AI performs continuous analysis and handles pre-

defined low-risk activities, while human experts review high-risk recommendations. 

 

This approach combines the scalability of automation with the accountability of human governance. 

 

Explainable and Responsible AI Governance 

Trust is essential when AI systems make or recommend governance decisions. Users should understand why a dataset was 

classified as sensitive, why an anomaly was detected, or why a particular policy action was recommended. 

 

The framework therefore incorporates explainability mechanisms that provide decision rationales, supporting evidence, con-

fidence levels, and audit trails. Responsible AI principles such as fairness, transparency, accountability, security, and human 

oversight should be incorporated into the governance architecture. 

 

Enterprise Data Catalog and Knowledge Graph Integration 

An enterprise data catalog provides a centralized environment for discovering and understanding organizational data assets. 

Integrating AI with data catalogs can automate metadata enrichment and improve search and discovery. 

 

Knowledge graphs can further represent relationships among datasets, business terms, applications, users, policies, and gov-

ernance controls. The resulting semantic representation enables AI systems to reason about enterprise data relationships and 

provide context-aware recommendations. 

 

Continuous Governance and Data Observability 

Autonomous governance requires continuous visibility into data-platform behavior. Data observability mechanisms can mon-

itor data freshness, volume, schema changes, quality indicators, pipeline failures, and usage patterns. 

 

AI can analyze these signals to detect abnormal conditions and initiate appropriate governance workflows. Continuous moni-

toring enables organizations to identify problems earlier than periodic governance assessments. 

 

Architecture of the Proposed Framework 

The conceptual architecture can be represented as a sequence of interconnected components: 

 

Enterprise Data Sources → Metadata Collection → Data Catalog → AI Intelligence Layer → Governance Policy Engine → 

Risk and Compliance Analysis → Autonomous Decision Engine → Automated Actions → Human Oversight → Continuous 

Feedback 

 

The feedback mechanism enables the framework to learn from governance outcomes and improve future recommendations.  

 

This architecture supports integration with cloud, on-premises, hybrid, and distributed enterprise environments. 

 

Implementation Methodology 

Implementation of the framework can be organized into several stages. The first stage involves identifying enterprise data 

sources and collecting technical metadata. The second stage establishes governance policies and data-quality requirements. 

 

The third stage integrates AI models for classification, anomaly detection, metadata enrichment, and policy analysis. The 

fourth stage introduces automated governance actions under controlled permissions. Finally, monitoring and evaluation mech-

anisms measure system effectiveness and governance outcomes. 
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A phased implementation approach can reduce operational risks and allow organizations to validate AI-driven governance 

capabilities before expanding automation. 

 

Evaluation Metrics 

The effectiveness of the proposed framework can be evaluated using quantitative and qualitative metrics. 

 

Important metrics include: 

 Metadata completeness 

 Metadata accuracy 

 Data-quality improvement 

 Policy compliance rate 

 Governance automation rate 

 Anomaly detection accuracy 

 False-positive rate 

 Risk detection rate 

 Data lineage coverage 

 Compliance response time 

 Governance incident resolution time 

 Manual governance effort reduction 

 Audit preparation time 

 AI recommendation acceptance rate 

 Human intervention rate 

 

These metrics provide a basis for comparing traditional governance processes with AI-driven autonomous governance. 

 

Benefits of the Proposed Framework 

The proposed framework can provide several benefits to enterprise organizations. Automated metadata generation can reduce 

documentation effort, while continuous monitoring can improve the detection of governance risks. 

 

AI-based classification and quality monitoring can improve data reliability. Automated policy enforcement can increase gov-

ernance consistency, while intelligent risk prioritization can improve the efficiency of governance teams. 

 

The framework can also support scalability by enabling governance processes to operate across large and distributed data 

environments. 

 

Challenges and Limitations 

Despite its potential benefits, AI-driven autonomous governance introduces several challenges. AI-generated metadata may 

contain inaccurate or incomplete information, while machine learning models may produce false positives or false negatives. 

Privacy and security risks may also arise when sensitive enterprise data is processed by AI systems. Integration with legacy 

platforms can create additional technical complexity. 

 

Another challenge is governance accountability. Organizations must clearly define which decisions can be automated and 

which require human approval. Model drift, explainability, access control, and AI security must also be continuously moni-

tored. 

 

Future Research Directions 

Future research can investigate more advanced autonomous governance agents capable of coordinating multiple governance 

activities. Research can also explore reinforcement learning approaches for adaptive policy optimization. 
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Additional opportunities include integrating large language models with enterprise knowledge graphs, developing domain-

specific governance models, improving AI explainability, and creating standardized benchmarks for evaluating autonomous 

data governance. 

 

Future studies can also investigate governance across multi-cloud and cross-organizational data ecosystems. 

 

VIII. Conclusion 

 
This research proposes an AI-Driven Framework for Autonomous Enterprise Data Platform Governance to address the limi-

tations of traditional, manually intensive governance approaches. The framework integrates artificial intelligence, machine 

learning, generative AI, metadata management, data quality monitoring, lineage analysis, policy enforcement, risk detection, 

security, compliance, and human oversight into a unified governance architecture. 

 

By continuously observing enterprise data environments and intelligently responding to governance events, the proposed ap-

proach can improve scalability, efficiency, transparency, and data trust. Generative AI can automate documentation and 

metadata enrichment, while intelligent governance agents can support classification, quality management, compliance moni-

toring, and risk assessment. 

 

The framework does not replace human governance but establishes a human-AI collaborative model in which routine and low-

risk activities can be automated while high-impact decisions remain subject to human review. Consequently, AI-driven auton-

omous governance represents a promising direction for building adaptive, scalable, secure, and intelligent enterprise data plat-

forms capable of responding to continuously evolving business and regulatory requirements. 
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